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The Feature Selection to Creating Models for Predicting Learning Achievement
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Abstract

The objective of this research is to use Information Gain for feature selection and compared
performance of two types of Data Mining Techniques which were Back Propagation Neural Network
and Decision Tree (C4.5). The most significant techniques will be applied in creating a predicting learning
achievement model for students. The data obtained from Kampheang Phet Rajabhat Universty and
Kampheang Phet Rajabhat Universty Maesot in Faculty of Management, Business Computer Program,
during the academic year 2011 - 2014 is 358 records. There are training data (231 records) who
graduated in 2011-2016, testing data (70 records) who graduated in 2015 and validation data (57
records) that graduated in 2016. After using Information Gain, the researcher decreased the amount of
research variables to be 16, and, combined the research variables with subject groups. This revealed
that only five independent variables and one dependent variables appeared. The results of the study
found that Back Propagation Neural Network (BPNN) provided accuracy rates (85.71 %) more than
Decision Tree (C4.5) (76.62 %).
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