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Abstract

The objective of this research was a forecasting performance comparison between Back-
propagation Neural Network and Naive Bayes. The research process includes of data preparation and
preliminary analysis. K-means technique was used to transform learning achievement into categorical
data. Information Gain Technique and Gain Ratio Technique were used to select the variables for
forecasting. Then the Naive Bayes Technique and Back-propagation Neural Network Technique were
applied to forecasting the students’ achievement.

The data used in this research include the students’ background information and studied
grades in the first and second years of Bachelor's degree students who studied in Business Computer
Department, Faculty of Management Science, Kamphaeng Phet Rajabhat University and Kamphaeng

Phet Rajabhat University Maesot. There are 358 of them which are training data (231 records) who
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graduated in 2011-2014, testing data (70 records) who graduated in 2015 and validation data (57
records) that will be graduated in 2016.

The research results show that only students’ grades in the first and second years are
important in forecasting the academic achievement of students. The prediction of Back-propagation
Neural Network Technique has accuracies better than the results from Naive Bayes Technique with
the accuracies of 85.71%, 85.71% and 82.46% in training data, testing data and validation data,

respectively.

Keywords: Data Mining, forecasting
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Naive Bayes Backpropagation Neural Network
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